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Research on Weak Supervised Artificial Intelligence Algorithm
Platform

Feng Yanyi', Zhou Wen’, Zhang Rui'
(1.0ptic Control Teslian (Shanghai) Information Technology Co., Ltd., Shanghai 200030,China;
2.School of Information, Wuhan Vocational College of Software Engineering, Wuhan , Hubei,430205,China))

Abstract: In view of the high cost of pre—training model development and indusiry data annotation in the
current open platform of artificial intelligence, In this paper, an artificial intelligence algorithm platform (Weak
Supervision & Task Decoupling Al Platform, WSTD—-AP) is studied, which uses weak supervision training
paradigm and can decouple tasks. Unlike the traditional artificial intelligence algorithm platform based on strong
supervised learning, WSTP uses large—scale unlabeled data for model training of different scales, and makes
full use of the “expansion rule23” in the case of limited cost(Scaling Law), so that the model can achieve better
results in downstream tasks (such as image recognition, target detection, etc.).
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